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Abstract

This research presents a snapshot of financial portfolio of low-income migrant house-
holds in Nawada, Bihar, and explores the impact of COVID19 on their financial be-
haviour. Domestic migration is a prominent livelihood strategy for low-income house-
holds in rural India. The Census (2011) estimates 45 million internal migrants in
India. However, there lies an evidence gap for a detailed understanding of asset allo-
cation, and risk mitigation strategies of these households. The mixed-method research
design for the study includes a cross-sectional survey and participatory research meth-
ods. The findings suggest that the assets o f migrant households are l argely l ocked in
physical assets. The income of migrant households relied heavily on remittances and
declined significantly, post C OVID19. The expenses of these migrant households also
witnessed an increase and resulted in stress on their savings as sixty-eight per cent of
households reported a decrease in their savings, while the reliance on credit increased.
Limited uptake of social security products exacerbated their weak financial situation.
The study results suggest the need for diversification o f i ncome a ssets a nd c all for
customer education beyond savings to improve the financial r esilience o f low-income
migrant households.
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I. Introduction 

To understand the household portfolio of a low-income migrant household one needs to break down the 
portfolio and assess the flows and interrelations between the components. Badarinza, et al. (2016) stated 
in a theoretical well-functioning economy, individuals efficiently save and borrow to achieve their lifetime 
goals and asset consumption is smooth over their life cycle. However, in a real-life scenario, allocation and 
consumption are a function of the supply and demand of appropriate financial instruments. Affordability 
becomes another important function in the case of low-income households. All of these interact together 
to shape the financial portfolio of households.  
 
There is a dearth of literature on the specific population of interest, however, parallels can be drawn 
between the global and Indian populations at large.  Bricker et al. (2019) while following the 1989-2016 
cohort of Survey of Consumer Finances from the United States of America observed that, throughout a 
typical working life, assets tend to increase and peak just before the retirement age. There is a gradual 
phasing out of risky assets, and housing forms a major proportion of overall assets. Post-retirement 
households start to consume out of their assets.   
 
The inequity among the low-income households is further exacerbated by the state of financial inclusion 
in India. Demirguc et al. (2017) report that 190 million of India’s population was unbanked, second only 
to China standing at 225 million. This unbanked and the underbanked population of India invests little in 
long-term insurance and pension products and relies heavily on unsecured debt, especially from non-
institutional sources. The Tarun Ramadorai chaired committee (The Committee on Household Finance, 
2017) observes that the demography and wealth of a household can only partially explain its asset 
allocation and credit choices. The Economic Survey of India (2020) highlighted the continued low 
penetration of insurancei in India, which remained lagging at 3.76 per cent (Ministry of Finance, 2020). 
Low awareness, lack of adequate access, and uptake of insurance and pension products exacerbate poor 
social security and risk mitigation mechanisms of low-income households in India and put them in an 
increasingly vulnerable position in case of emergencies such as COVID19. 
 
The main objective of the current paper is to understand the financial portfolio of low-income migrant 
households in India. The paper deep dives into the in-and-out flow of earnings, current asset allocation, 
and investment strategies of these households. Household finance for low-income households as a 
research topic continues to be in a nascent phase. With the limited literature available on the existing 
financial portfolio of low-income migrant households and their similarities or differences with traditional 
low-income households, this study is going to strengthen the evidence base on the topic.  
 
Furthermore, the paper aims to decipher the impact of COVID19 on the financial portfolio of low-income 
migrant households and assess if there are any shifts in the attitude towards risk mitigation mechanism 
due to events related to COVID19.  
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II. Review of Literature 

Migration is often considered a form of arbitrage – especially for poor households, to pull themselves out 
of the poverty trap and step towards an aspirational future in the cities – often considered a synonym for 
a better quality of life. Remittances sent by these migrants have a rippling effect on their households - at 
the source migration corridor, and the local community as it supports household investments in health, 
education, asset building, and small home businesses. The Census (2011) estimated about 45 million 
internal migrants to migrate to another district within or outside their native state for business or to seek 
work. Of this work-related migration, 0.7 million migrants were from Bihar.  

In recent years this has changed substantially. Sharma estimates (2017) the number of internal migrants 
to be around 139 million, and Kumar et al. (2020) reported Bihar to account for 15 per cent of the out-
migration in India.  Given the scale of the migrant community in India, and the prevalence of out-migration 
reported out of Bihar, this migrant corridor is of paramount importance. Assessing the preparedness, and 
vulnerabilities, of this sub-population, is important to build resilience in the event of other health and 
economic shocks, like the one brought about by the COVID19 pandemic, and the subsequent lockdown.  

The International Labor Organization (2020) estimates that over 2 billion people worldwide are engaged 
in some form of an informal economy. These jobs are characterized by the lack of basic social protection 
coverage. This is magnified further by their lack of access to quality healthcare services, and an inability 
to find the immediate finances to address a sickness, especially during the lockdown. In line with the global 
impact, the health and economic impact of the pandemic worsened the economic slowdown that India 
had been experiencing in the recent past. It was reported (Centre for Monitoring Indian Economy, 2020) 
that the growth of India was already at an 11-year low of 5.3 per cent with likely GDP losses continuing to 
exceed expectations. The economic output plummeted by a staggering 23.9 per cent year-on-year in the 
second quarter of 2020, and the unemployment rate of India increased to 23.52 per cent in April 2020, 
from 8.75 per cent the previous month. Bihar was amongst the most vulnerable states and the 
unemployment rate in the state in April 2020 reached 46.6 per cent.  
 
The pandemic and the subsequent national lockdown had long-term effects on the informal sector 
workers, self-employed, small businesses, migrant workers, and their dependent families with limited or 
no social security. The International Labor Organization report (2020) estimated that 400 million people 
in India were at risk of falling back into the poverty trap due to this crisis. Bihar bore the unproportionate 
brunt of the ongoing situation as it was reported (National Sample Survey Office, 2020) that over 30 per 
cent of the households in Bihar engage in casual labor work which is higher than the national average 
(25.2 per cent), often migrating outside the state to seek livelihood opportunities.  
 
The Indian Council of Agricultural Research (2020) reported that across India approximately 2.45 million 
migrants returned to their source corridors due to the pandemic. However, Iyer states (2020) that official 
records show that between May 1 and June 3, 2020, more than 5.8 million migrants were transported 
through specially operated trains, and another 4.1 million were transported by road culminating in reverse 
migration. The loss of jobs and the immense pressure on rural health infrastructure further made these 
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households vulnerable, however, there were some positives too. Myadam and Ramesh (2020) reported 
that there was a reported 66 per cent increase in households demanding work under MGMREGA in August 
2020 compared to August 2019, and the Ministry of Agriculture and Farmers Welfare reported (2020) a 
21 per cent increase in the sowing of Kharif crop across India, compared to the same period last year. 
Considering the above while there were immediate threats, there was also a long-term opportunity to 
strengthen the rural economy. 

Limited availability of empirical evidence about the financial portfolio of low-income migrant households 
often hinders the policymaking and development of tailor-made financial services and products by 
Financial Service Providers (FSPs) for addressing their needs. This piece of information is expected to 
be further beneficial for FSPs to effectively serve the segment through appropriate products and 
services. 

III. Data and Methodology

The analysis is based on cross-sectional primary household data collected from 428 low-income migrant 
households in the Nawada district of Bihar between February 2021 and March 2021. Ethical approval for 
the study was granted in February 2021 by Sigma Institutional Review Board. Half of the survey 
participants were the recipient of an ongoing unconditional cash transfer (UCT) program. Voluntary 
participation of the nearest household that did not receive UCT, and belonged to a migrant household 
from the same strata, having similar land ownership status was sought. 

Nawada was further selected as the study location as it featured among the bottom 20 of the aspirational 
districts in 2018 in terms of improvement over the last round (NITI Aayog, Government of India, 2021). 
Mahapatra, et al. estimated (2020) that 36 per cent of the males from Nawada district out migrated, and 
the rate of out-migration was among the highest in south Bihar. 

The study used multiple lines of evidence including both quantitative and qualitative methods as a part of 
the research toolkit to assess and find empirical evidence for answering the key research questions. Semi-
structured stakeholder-specific research tools were used including a participatory research method of 
mapping household finances, key informant interviews with community leaders, and focused group 
discussions with an adult migrant household family member. The multiple lines of evidence allow 
triangulation, answer caveats in the quantitative reasoning and help organize the research findings in the 
form of a coherent narrative. 

Sample Size 

a. Quantitative method

A population proportion sampling for the cross-sectional study was utilized. Acharya, et al. (2013) 
observed that a probability sampling method such as population proportion sampling ensures 
representativeness of the sample and aids generalizability of the results to the target population. To arrive 
at a representative sample size a confidence interval of 95 per cent, and an alpha (d) of 0.05 was 
considered. The design effect of 1 for a simple random sampling design and a population of >100,000 was 
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assumed which yielded a sample size of 384, required to be a representative of the migrant population of 
Nawada. Furthermore, a buffer of 10 per cent factoring non-response, attrition, etc. was considered. The 
final sample size was 422 to ensure the statistical significance of the findings.  
 

𝑛𝑛 = 𝑑𝑑𝑑𝑑𝑑𝑑𝑑𝑑 ×
𝑁𝑁�̂�𝑝𝑞𝑞�

𝑑𝑑2
1.962 (𝑁𝑁 − 1) +  �̂�𝑝𝑞𝑞� 

 

 
Where n = sample size 
deff = design effect 
N= population size 
�̂�𝑝 = the estimated proportion 
𝑞𝑞� = 1-�̂�𝑝 
d = absolute level of precision  
 

b. Qualitative Method: 
The qualitative research methods included Focus Group Discussions (FGDs), Key Informant Interviews 
(KIIs), and participatory research for Family Finance Mapping (FFMii). A total of six FGDs, four KIIs with 
community leaders, and eight FFM exercises were conducted. Flick (2018) observed that qualitative 
sampling decisions are informed by the result of the data collection and analysis. The current research 
could not take a grounded theory approach to qualitative sampling owing to the time horizon of the 
research. Also, the existing literature is often divided on the number of qualitative interactions required 
for robust sampling outreach and often relies on the thematic saturation of responses. In the absence of 
a priori knowledge of the number of qualitative samples required to achieve saturation, most research 
relies on investigators' experience and secondary literature. Carlsen et al. (2011) identified over 220 
papers, across 117 journals, and found most studies undertook five (median) qualitative interactions. 
Based on the secondary literature, resource constraints, and prior experience in conducting similar 
research the investigators decided on the above-mentioned sample size for the qualitative leg of the 
research.  
 

c. Analytical Design 
Two types of empirical analyses have been undertaken for the study. Simple descriptions of data reporting 
prevalence and incidences of various variables of interest. Furthermore, the distribution of data was found 
to be not normal; accordingly, non-parametric tests were applied to test for significance. A sign rank test 
was conducted to compare the distribution of central tendency of incomes pre and post COVID19, 
whereas a chi-square test for independence was used for categorical variables. StataMP version 17 was 
used to analyze the data.  
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IV. Discussion of Results 

In the following sections, we discuss the socio-economic profile of the low-income migrant household and 
have followed it up with an analysis of the household portfolio – income, expenses, asset, and liabilities. 
The impact of COVID19 on household portfolios has been assessed through pre-and post-COVID data, 
reported using a recall method. 
 
Socioeconomic and demographic profile of the household 
A typical migrant household had about seven members, including three adult ones, and was highly 
dependent on the remittance money as 80 percent of these households had only one earning member, 
the migrant member of the household. Seventy-seven per cent of the households reported members 
migrating outside the state with places like Bengaluru, Delhi-NCR, and Chennai being the primary 
destination for the migrants. Further deep-dive through FGDs revealed that participants would usually 
migrate permanently, only one group out of six reported seasonal migration. Gupta et al. (2021) reported 
similar findings in their study conducted in the aftermath of the COVID19 pandemic and the national 
lockdown. Seventy per cent of the migrants from among six states of India, including Bihar reported long-
term circular migration.  
 
As shown in Table 1, about 92 percent of the households belonged to Schedule Caste (SC)/Schedule Tribe 
(ST) or Other Backward Caste (OBC) and about three fourth of the respondents were Below the Poverty 
Line (BPL) cardholders. This highlighted that caste remains a significant factor defining vulnerability and is 
not just dictated by economic conditions. About 97.2 per cent of the households were dwelling in their 
family-owned houses and 17% of the households had at least one divorced or separated or widowed 
member. 
 

Table 1: Participant Household information 

  (N=428) 
S. No. Particulars Values 

1 Average household members (numbers) 7 
2 Average adults per household (Numbers) 3 
3 Earning adult (Number) 1 

4 Number of Households with only one earning member 344 (80.4%) 

5 Number of Households with a minor contributing to income 18(4.2%) 

Source: The Author, Note: Figures in the parenthesis are per cent of total  
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Table 2: Socioeconomic and Demographic Details of the Participant household 

   (N=428) 
Particulars Number of Households  Proportion of households 

Caste 

General 35 8.18% 
Scheduled Caste 150 35.05% 
Scheduled Tribe 72 16.82% 
Other Backward Caste 170 39.72% 
No caste 1 0.23% 

BPL Holdings 
Possess BPL card 315 73.60% 
Does not have a BPL card 109 25.47% 
Don't Know 4 0.93% 

Particulars Number of Households  Proportion of households 

Dwelling 
details 

Owned 416 97.20% 
Rented 9 2.10% 
Don't Know 3 0.70% 

Migration Within State Migration 70 16.36% 
Within District 29 6.78% 

Have a widow/ widower/ divorced/ 
separated/ deserted member in the 
household 

72 16.82% 

Source: The Author 
 

Source: The Author 

 
 

Figure 1: Migration details of participant household member 

77%

16%

7%

Outside State Within State Migration Within District
N=428 
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Household Portfolio 

Income 
The study results reported an immediate impact on the household’s income post the pandemic. While 
94 per cent of households reported experiencing a direct impact on employment due to COVID19, since 
then the situation has normalized with only three per cent of the households having no reliable 
current source of income. Compared to the pre COVID19 period there was a two-percentage-
point increase in the number of households having no reliable sources of income.  

A shift in the primary occupation of migrant households was noticed after the COVID19 and lockdown, 
such as private salaried occupation (from 36.21 per cent to 32.71 per cent), non-agricultural casual labor 
(from 28.04 per cent to 24.07 per cent). Engagement in own farming increased (from 13.08 per cent 
to17.99 per cent).  

The average monthly income of a migrant household was ₹ 19,068 prior to the emergence of COVID19. 
This was in tune with the per-capita income of Bihar of ₹ 43,820 per person1 annually (Statista Research 
Department, 2021). The quantitative research finding is also on par with the FFM exercise where a similar 
per  month  income  bracket of  ₹ 10,000- ₹ 20,000 was reported. Post COVID19, the average monthly 
income of the migrant household dipped to ₹ 11,093, a decrease of about 42 per cent in the average 
monthly income. The distribution of income pre-and-post-COVID19 across different sources was not 
identically distributed as summarized in Table 3. Mahmuda and Riley (2021) in a study exploring similar 
themes in Uganda suggested that the lockdown and the pandemic led to a decline of approximately 60 
per cent of the income of non-farm sources. Gulati et al. (2021) also observed a shift in occupation of 
migrants post-COVID19 and reported an 85 per cent dip in income owing to reverse migration which is in 
line with the findings of the current study. 

The income dip of 42 per cent can be explained to an extent because pre-COVID19, a migrant worker was 
contributing an average monthly income of about ₹ 9,036 - which was 47.4 per cent of the total household 
income.  The immediate loss of migrant jobs, and the non-availability of adequate livelihood opportunities 
in their home district, could be possible reasons for the income dip.  

The nature of the income of the respondents is represented in Figure 2. About one-third had a regular 
income and another third were daily wage earners. The income flow for the remaining third was irregular 
in nature.  

1 Average HH size of Bihar is 5.5 (Census 2011), considering this the monthly household income equates to (₹ 43,820/12*5.5 = ₹ 
20,084)  
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Table 3: Details of the main occupation of the household head across pre and post COVID19 
situations 

     (N=428) 

S. No. Main occupation 

Pre COVID19 situation Post COVID19 situation 

Number of 
households 

Proportion 
of 
household 

Number of 
households 

Proportion 
of 
household 

1 
Farmer 
(Agriculture/Horticulture/sericult
ure/animal husbandry 

56 13.08% 77 17.99% 

2 
Entrepreneur/ Self-employed/ 
small-shop owners/ 
contractors/suppliers 

31 7.24% 32 7.48% 

3 Salaried employee in private 
sector 155 36.21% 140 32.71% 

4 Government employee 3 0.70% 5 1.17% 

5 Agricultural labour/ Daily wage 
labour/casual labour 43 10.05% 45 10.51% 

6 Non-Agricultural labour/ Daily 
wage labour/casual labour 120 28.04% 103 24.07% 

7 Service Provider 14 3.27% 12 2.80% 
8 Seasonal unemployment 4 0.93% 11 2.57% 
9 Others  2 0.47% 3 0.70% 

 
Source: The Author 
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Source: The Author 

Expense 

Table 4. reflects the mean monthly expenditure of households in pre and post COVID19 situations. 
It was observed that there was an increase of ₹ 2,639 per household after the lockdown was imposed. In 
the pre-COVID19 situation, it was ₹ 4,063 and in the post-COVID19 situation, it increased to ₹ 6,702. It 
was observed that there was an incremental increase in the expenses across almost all the categories. 
The distribution of expenses pre and post COVID19 were not identical. Expenses on the 
food/grocery/ration almost doubled (₹ 1,746 in pre COVID19 and ₹ 3,182 post COVID19) and average 
spending on education increased by 50 per cent (₹ 514 in pre COVID19 to ₹ 770 post COVID19). There was 
an increase in the sanitation and hygiene expenses by 62 per cent (₹ 133 in pre COVID19 to ₹ 216 in post 
COVID19), clothing expenses by 55 per cent (₹ 433 in pre COVID19 to ₹ 673 post COVID19), health 
expenses by 60 per cent (₹ 436 in pre COVID19 to ₹ 697 post COVID19).  
 

Corbett et al. (1988) also suggested that as a response to economic stress, individuals would 
reduce consumption, seek credit, and only if no alternative was left sell productive assets. Gupta et al. 
(2021) assessing the economic impacts of the COVID19 in remittance-dependent regions reported a 
similar response.  However, the present study had a contrasting outcome wherein participants reported 
an increase in their expenditure, once the pandemic struck. Gulati et al. (2021) report the agri-food supply 
chain experienced a disruption, as a knee-jerk response to the lockdown, which contributed to a 33 per 
cent rise in inflation in April 2020 from the 8.8 per cent inflation rate reported in March 2020. The inflation 
in food prices, together with the fact that an additional mouth had to be accounted for at home may 
explain the contrasting observations.  

32%

18%

34%

15%

1%

16%

1. Regular Income 2. Irregular Income 3. Daily Wage Earner 4. Combined Income 5. Others

N=428

Figure 2: Nature of income of earning member of the household (Pre-COVID19) 
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Table 4: Average monthly expenditure of participant households (Pre-and-post COVID19) 

Assets  

It was observed that the migrant households possessed low-value assets such as mobile (55 per 
cent), electric fans (42 per cent), stove/gas (38 per cent), and Chair/stool/bench (23 per cent). The 
households also reported possessing high-value assets like land (48 per cent), livestock (17 per cent), and 
gold (15 per cent). Only a few participants had other high-value assets like tractors and cars. Financial 
instruments remained underinvested, with little investments in financial products such as FD, RD, Mutual 
Funds, and social security products such as insurance and pension as highlighted in Figure 3.  These 
findings are in line with the report by the Committee on Household Finance (2017) which states that 

       (N=428) 

S. No. 
Average 
monthly 

expenditure 

Pre-COVID19 condition Post-COVID19 
condition 

Differential 
increase in 

average 
expenditure 
(₹/ month) 

Sign 
Rank 
Test 

₹/ month Proportion 
to total ₹/ month Proportion 

to total p-Value 

1 

Food/ 
Grocery/ 
Ration  

1,746  43% 3,182  47% 1,436  P<0.05 

2 Education  514  13% 770  11% 256  P<0.05 
3 Sanitation   133  3% 216  3% 83  P<0.05 

4 
Water & 
Electricity   133  3% 160  2% 27  P<0.05 

5 Clothing   433  11% 673  10% 240  P<0.05 
6 Gift Purposes   94  2% 115  2% 21  P<0.05 

7 
Loan 
Repayment   126  3% 236  4% 110  P<0.05 

8 Health   436  11% 697  10% 261  P<0.05 

9 

Repair and 
maintenance 
of income 
generating 
assets  

158  4% 233  3% 75  P<0.05 

10 
Agriculture 
expenses  288  7% 417  6% 129  P<0.05 

11 
Insurance 
Premium  4  0% 3  0% -1  P<0.05 

  

Overall 
monthly 
Expense 

4,063    6,702    2,639  P<0.05 

Source: The Author 
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wealth in Indian households is locked away in physical assets like land, house, gold, while financial assets 
remain under-invested and the Indian households rely on children to support in their old age and don’t 
appropriately provision for income after retirement. 
 

Forty-eight (48) per cent of households owned land, ranging from 0.012 hectares to 1.517 
hectares and 97.5 per cent of the landholders had less than a hectare of land, while the remaining 2.5 per 
cent were small farms holders. Furthermore, ninety-seven (97) per cent of the study participants owned 
a personal or ancestral house. Details about asset ownership can be found in Table 6. The findings are in 
line with existing literature. Singh et al. (2019) observed that landholding size was a significant factor 
differentiating migrants, with two-thirds of migrants reportedly having less than 2 hectares of land 
ownership.  

 
The pandemic ushered in economic upheaval for these low-income migrant households as they 

lost jobs or sources of livelihood and were left with decreased monthly income. This was further 
demonstrated in the findings as 33 per cent of the respondents reported distress selling. The quantitative 
survey did not capture the nature of assets being sold to offset needs during the COVID19 pandemic. 
However, the qualitative evidence suggested agriculture output during COVID19 was relatively good 
compared to previous years, owing to more people being available to work in the fields, so there is less 
reason to sell off a functional source of income and an asset of high value even in the current times. The 
qualitative evidence also highlights agricultural produce being sold to offset costs routinely post-COVID19 
to compensate for the loss of income. 
Corbett et al. (1988) also suggested that only if no alternative was left households might be pushed to sell 
productive assets. COVID19 is an unusual stimulus threatening both life and property and may well be the 
necessary push to explore the last resort.  

 
Figure 3. indicates the participant's behavior in investing in financial assets across situations. It 

was observed that the number of participants maintaining financial assets such as savings at home (39 
per cent to 33 per cent), bank (47 per cent to 34 per cent), and SHG (61 per cent to 55 per cent) has 
decreased from pre to post COVID situation. Whereas in the case of financial assets such as saving at a 
post office (seven per cent to 13 per cent), through FD (two per cent to 10 per cent), RD (one per cent to 
five per cent), and mutual funds (zero per cent to two per cent) there has been an increase in the number 
of participants. In response to the reduced income and reported rise in expenditure a statistically 
significant association between pre-and-post COVID19 situation and all forms of savings was observed. 
Sixty-eight per cent of the participant households reported saving less compared to pre COVID19 period. 
For financial assets like FD, RD, and mutual funds the study could not comment on the changes pre and 
post COVID19 as the minimum class requirement for the contingency table was not fulfilled.  

 
Furthermore, 97 per cent of the participating households had not invested in any insurance pension 
schemes or provident funds. In the post-COVID19 period, only four per cent expressed that they plan to 
invest in insurance plans, two per cent in retirement plans, and 15 per cent in pension schemes. The 
findings were corroborated through the FGDs, KIIs, and FFM survey where only a handful of people 
expressed awareness about any financial products other than a savings account and even fewer reported 
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using instruments like FD, RD, insurance, pension schemes, and provident funds. The absence of 
behavioral change towards investment is apparent in the continued underutilization of financial 
instruments like FD, RD, mutual funds, and other social security products and offerings. The observed 
decrease in saving signals a reactive response to the ongoing crisis, where the households dug into their 
savings to sail through the pandemic with no additional mitigation plans being adopted.  
 
 

 
Figure 3: Asset (Financial) details of participating households (Pre-and-post COVID19)

 

Source: The Author 
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Table 5: Distribution of financial assets by participating households (Pre-and-post COVID19) 

S. No. Financial assets   

Pre-and-post-COVID19 
condition Pearson Chi2 p-

Value 
Pre-COVID19 Post-

COVID19 

Pr
e-

CO
VI

D1
9 

Saving at home 
No 244 16 

215.20 0.000 
Yes 43 125 

Saving at bank 
No 207 20 139.77 0.000 
Yes 74 127 

Save with a SHG 
No 138 56 153.81 0.000 
Yes 29 205 

Save at a post office 
No 360 40 58.30 0.000 
Yes 11 17 

FD 
No 378 40 

9.81 0.002 
Yes 6 4 

RD 
No 403 20 

29.69 0.000 Yes 2 3 

MF 
No 421 6 

60.28 0.000 Yes 0 1 

Land 
No 214 6 

0.01 0.921 Yes 202 6 

Gold 
No 340 20 

0.15 0.701 Yes 65 3 
Source: The Author 
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Table 6: Current Asset Possession details of participant households 

           (N=428) 

Asset details 

Asset 
Valuation 

(NSS 
R72, 
June 

2015) (₹) 

Number of 
Households 

possessing assets 

proportion of 
households 

possessing assets 

Average number 
of assets 

possessed 

Average asset 
value (₹) 

Average asset 
value in 2021 
adjusted for 
inflation (₹) 

Low-
Value 
Assets 

Chair, stool, 
bench  1290 99 23.13% 2.75 820 1098 

Cooker 1196 57 13.32% 1.07 170 228 
Electric fan  1588 178 41.59% 2.18 1440 1930 
Mobile 5824 236 55.14% 1.7 5457 7312 
Radio 792 2 0.47% 1 27 36 
Stove/gas 2051 164 38.32% 1.04 819 1098 

Mid-
Value 
Assets 

TV 15462 78 18.22% 1.12 3143 4212 
Dressing 
table 6661 2 0.47% 2 62 83 

Bike 50297 23 5.37% 1.17 3173 4252 
Furniture/ 
Appliance 2851 21 4.91% 2.62 366 491 

Refrigerator 14301 4 0.93% 1 134 179 
High-
Value 
Assets 
(with NSS 
valuation) 

Tractor 221720 2 0.47% 1 1036 1388 

Car (4-
wheeler) 471636 1 0.23% 2 2204 2953 

High-
Value 
Assets 
(without 
NSS 
valuation) 

Livestock  - 73 17.06% - - - 
House - 416 97.19% - - - 
land - 204 47.66% - - - 

Gold - 63 14.72% - - - 
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Liability 

Figure 4 and Table 7 show the borrowing behavior of the participants across the situation. In pre 
COVID19 situation, about 28.04 per cent of the participant households borrowed loans from an 
institutional source such as Banks, Regional Rural Banks, Micro financial institutions, cooperatives, and 
self-help groups. In post COVID19 situation about 21.03 per cent of participant households were 
dependent on the institutional source. It was remarkably noted that the loan borrowing from the 
non-institutional source increased by 3.5 times (9.11 per cent in pre COVID19 and 33.18 per cent in 
post COVID19 situations). Aditya et al. (2019) reported a much higher utilization of loans from informal 
sources in the pre-COVID19 era, with 48 per cent of the households in Bihar reportedly subscribing to 
informal loans only.  

Qualitative evidence from the current study suggests the community is wary of the predatory 
practices the local money lenders employ. They are hesitant to borrow from money lenders unless 
there is no alternative. This is further supported by the observations from the quantitative survey as 
well where a relatively higher percentage of households reached out to friends and family to borrow, 
when in need. The availability of credit through SHGs also played into the pre-COVID19 utilization 
and preference of source of credit. 

Figure 4: Borrowing behavior of participating households across pre and post COVID19 
situations

Source: The Author 
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Table 7:  Borrowing details of the participant households across institutional and non-
institutional sources (Pre-COVID19) 

(N=428) 

Particulars 
Number of 

Participants 
borrowing 

Proportion of 
participants 
borrowings 

Average Amount 
of loan (₹) 

Institutional 
sources 

Bank 11 2.57% 37,768 
Cooperative Banks 6 1.40% 12,625 
Regional Rural Banks 4 0.93% 28,333 
Micro Finance 
Institution  29 6.78% 24,594 

Self Help Group 77 17.99% 22,940 
Non-

Institutional 
Sources 

Friends & Family 24 5.61% 59,344 
Local Money Lender 15 3.50% 56,165 
Employer  1 0.23% 10,000 

Loan from formal sources 120 28.04% 25,701 
Loan from in-formal sources 39 9.11% 58,377 
Aggregated Loan Statistics 145 33.88% 36,971 

Source: The Author 

In the pre COVID19 period, self-help groups had a remarkable role in lending to households, compared to 
any other institutional sources. The average loan size from SHG was ₹ 22,940 and 17.99 per cent of 
respondent households had borrowed from SHGs. MFIs were the second most preferred option for these 
households as 6.78 per cent of households borrowed an average of ₹ 24,594 from MFIs.  

As present in Table 7, about 33.88% of the households had borrowed and the average loan size was ₹ 
36,971 before COVID struck. The dependence on informal sources was as high as 9.11% in our sample 
and the average loan size was comparatively higher than the loans from formal sources. The extent of 
average borrowing was double in non-institutional sources when compared to institutional sources in 
cases of participants under study. Aditya et al. (2019) also explored the burden of debt among rural 
households in Bihar and observed the average borrowing per household was to the tune of INR 63,066 
from formal sources and INR 48,399 from informal sources. The Tarun Ramadorai committee (2017) also 
suggested that 58 per cent of the household relied on unsecured loans, which was higher compared to 
what is reported in the current study. The burden of debt observed in the current study is distinctively 
different as it explores the distribution of a sub-population of rural households from Bihar with its own 
inherent characteristics and challenges. 

The qualitative survey further revealed that there was hesitation among the participants to take a 
loan from the banks as the processing time was long. Most of the time, borrowing from friends and 
relatives did not attract interest and the repayment was flexible. Moneylenders charged interest of 
about five per cent to ten per cent monthly interest coupled with the mortgage of their immovable 
assets such as agricultural lands, jewelry, or houses.  
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A statistically significant difference between the usage of credit pre and post COVID19 was observed as a 
greater number of households availed of loans in the post-COVID scenario. Increased indebtedness hinted 
towards weak financial resilience of these migrant households. The reliance on formal credit dipped (21 
per cent), whereas, subscribers of informal credit increased from nine (9) per cent pre-COVID19 to 33 per 
cent post-COVID19, however, the changes were not statistically significant. The observations from the 
current study should be considered an early warning sign and needs to be explored in greater depth in 
future studies. 

Table 8: Distribution of participant households by the source of borrowing 

S. No. Source of Borrowing 

Pre-and-post-COVID19 
condition Pearson Chi2 p-

Value 
Pre-COVID19 Post-

COVID19 

Pr
e-

CO
VI

D1
9 Institutional 

No 247 61 
0.99 0.320 

Yes 91 29 

Non-Institutional 
No 262 127 0.54 0.462 
Yes 24 15 

Any 
No 172 111 10.73 0.001 
Yes 64 81 

Source: The Author 

V. Conclusion

This research study was able to provide empirical evidence capturing a snapshot of household portfolio 
of  low-income migrant households and demonstrate the impact of COVID19 on household portfolio and 
its preferences. Post the pandemic of COVID19, 94 per cent of the participating households reported a 
direct impact on employment, and their average income dipped by 42 per cent post COVID19 (from ₹ 
19,068 to ₹ 11,093). Interestingly, migrants contributed 47 per cent of the household income pre-
COVID19 but had to return home, once the pandemic struck. Contrary to other research studies 
published between 2020 and 2021 the present study reported a staggering 65 per cent increase in 
household expenses between pre and post COVID19 periods. These can be attributed to both inflations 
experienced during the COVID19 pandemic and an additional mouth required to be fed at home, owing 
to the return of the migrant member. 

As an aftereffect of COVID19 and subsequent loss of livelihoods, household savings dipped 
significantly. Investment in financial assets like FD, RD, mutual funds, and social security products like 
insurance, provident fund, and pension scheme was dismal in the pre COVID19 period. The study could 
not appropriately comment on the changes in household preferences towards these products as they did 
not fulfill the minimum class requirement for a contingency table for undertaking a chi-square test of 
independence. It was unusual to see even when exposed to a risk demonstrated by the COVID19 
pandemic the intention to invest in social security products did not see a change. Limited cash inflow, lack 
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of awareness about investment products, and social security schemes other than a savings account were 
reported as the primary reasons for dismal usage. With wealth being locked in physical assets like land, 
house, and gold and underinvestment in financial assets with higher liquidity, the financial resilience of 
these low-income migrant households was heavily compromised. Savings, being the only reliable source 
of risk cushioning, provided some degree of resilience. However, the present situation is a looming threat 
and calls for concerted efforts to promote other financial instruments and drive consumer education for 
increased uptake of financial products offering risk mitigation and social security. 

The study also highlighted over-reliance on credit for the migrant households, which saw a 
significant jump (from 33.88 per cent to 54.21 per cent) post-COVID19. Usage of credit from non-
institutional sources saw a threefold increase, however, the findings were not statistically 
significant. Appropriate usage of debt on its own is an encouraging step towards economic 
development, however, it should be from institutional sources to ensure greater consumer protection. 
SHG linked credit facility presents a significant opportunity in this direction. 

Table 9: Snapshot of household portfolio of a low-income migrant household and the impact of 
COVID19 on the household preferences 

Household Portfolio Impact of COVID19 
Income:  
Mean of monthly income: ₹ 19,068 
Income contribution of  
migrant member: 47% 
Most practiced occupations: 

1. Private sector employees (36.21%)
2. Non-farm labor (28.04%)
3. Farming and allied activities (13.08%)

Mean of monthly income: ₹ 11,093 
Most practiced occupations: 

1. Private sector employees (32.71%)
2. Non-farm labor (24.07%)
3. Farming and allied activities (17.99%)

Expense: 
Mean of monthly expense: ₹ 4,063 
Consumption as a  
proportion of income: 21.30% 
Major expense heads: 

1. Food/ Grocery (42.97%)
2. Education (12.65%)
3. Health (10.73%)

Mean of monthly expense: ₹ 6,702 
Consumption as a  
proportion of income: 60.41% 
Major expense heads: 

1. Food/ Grocery (47.47%)
2. Education (11.49%)
3. Health (10.39%)

Asset: 
Physical Assets: 

Land: 48%  
House: 97% 
Gold: 15%,  

33% reported distress selling 

Reduction in savings, and no distinct change in 
other asset classes 
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Financial Assets: Saving at either home, bank, or 
with SHG was predominantly practiced, other 
asset classes were marginally used 
Liability: 33.88% 

1. Formal sources of loan: 28.04%
2. Informal sources of loan: 9.11%

Average liability from informal sources
was 1.57 times more than the liability
from formal sources

Liability: 54.21% 
1. Formal sources of loan: 21.03%
2. Informal sources of loan: 33.18%

Source: The Author 
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Study Limitations 

The study is representative of a defined community from specific geography in the state of Bihar and has 
its defining characteristics. Any generalization to the national context should be done with caution. 
Further, the study does not have suitable counterfactuals and has limitations to attribution. While 
undertaking the non-parametric tests, several outcome variables of interest did not fulfil the minimum 
class requirement in the contingency table for a chi-square test for independence and the study could not 
comment on changes observed pre-and-post-COVID19 for such outcome variables of interest. Also, the 
value of any asset class was kept outside the scope of the study considering ethical limitations and 
operational complexities. 
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